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AFFECTIVE PLAYBOR AND THE MEDIATIZATION  
OF AI COMPANIONSHIP: A PLATFORM-COMMUNICATION ANALYSIS  

OF ALGORITHMIC INTIMACY, DATAFICATION,  
AND THE ACG SUBCULTURAL LENS

AI companion platforms like Character.ai and Replika now sustain emotionally deep, continuous 
relationships with millions of users. As algorithms increasingly mediate human intimacy, we must under-
stand how these platforms simultaneously foster genuine connection and extract valuable behavioural 
data. This is crucial for communication, platform, and digital labour studies.

Existing frameworks – parasocial theory, artificial sociality, and social substitution – capture specific 
dimensions of AI intimacy. However, they fail to explain how the exact same architecture sustaining 
these relationships also converts them into commercial AI training data. This study asks: (RQ1) What 
technical architecture converts users’ relational agency into training data? (RQ2) Why doesn’t knowing 
the AI is artificial stop emotional investment? (RQ3) How does the ACG subculture’s “2.5D cognitive 
infrastructure” enable and intensify this extraction?

Integrating mediatization, media dependency, and platform studies, this critical analysis of interface 
affordances argues that user agency and data extraction are co-produced. The very mechanisms giving 
users relational control simultaneously generate high-signal data for commercial model optimization.

Three key findings emerge. First, a two-stage architecture – In-Context Learning and batch 
RLHF – drives this co-production. Second, “Affective Playbor” is introduced to describe extracting data 
through interactions that users experience as autonomous emotional expression. Third, ACG database-
consumption practices structurally pre-adapt users for this extraction; knowing the AI is fake acts as a 
platform entry point, not a safeguard.

Finally, this study reframes social substitution as intensified media dependency. When a medium 
stops merely providing information and directly replaces the human interlocutor, dependency saturates 
into total substitution. This provides a testable analytical vocabulary for the mediatization of intimate 
life, repositioning AI companionship within core communication research.

Keywords: affective playbor, AI companions, mediatization, platform studies, algorithmic commu-
nication, media dependency, digital labour.
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Аффективті плейбор және Жасанды интеллектпен қарым-қатынастың  
медиатизациясы: коммуникациялық платформалардың алгоритмдік ұқсастықтарын  

талдау, датафикация және ACG субмәдениет линзасы

Жасанды интеллект серіктестік платформалары – мысалы, Character.ai және 
Replika – миллиондаған пайдаланушылар мен генеративті ЖИ нысандары арасында, медиа 
және коммуникация зерттеулері үшін маңызды. Адамдардың жеке тәжірибесі алгоритмдік 
платформалар арқылы барған сайын маңызды мәнге ие. Ғылыми мақалада коммерциялық 
мәнді мінез-құлық деректерін қалай алатынын түсіну мақсатында коммуникация теориясы, 
платформалық зерттеулер және цифрлық еңбек теориясы қарастырылды.

Мақалада жасанды әлеуметтілік модельдер гипотезасын адам мен ЖИ арасындағы 
байланысты құрылым ретінді аражігін айқындайды. 

Медиатизация теориясы, медиатәуелділік зерттеулері және дерек, платформалық-зерттеу 
ұғымдарына негізделген сыни теориялық синтез және интерфейс мүмкіндіктеріне жүйелі талдау 
жасалады. Зерттеу деректер экстракциясының құрылымдық мәнін аша отырып, оқыту деректерін 
жасайтын тетік ретінде зерттеледі

Үш негізгі нәтиже айқындалды: біріншіден, агенттілік пен экстракцияны бірлесіп өндіретін 
құрылымдық тетік ретінде екі сатылы экстракция архитектурасы контексттік оқыту және пакеттік 
RLHF нақтыланады. Екіншіден, автономды эмоциялық өзін-өзі көрсету ретінде сезінілетін өзара 
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өзара іс-қимыл арқылы жоғары сигналды аффективті деректерді алуды атайтын «Аффективті 
плейбор» ұғымы енгізіледі. Үшіншіден, ACG субмәдениетінің деректер базасын тұтыну тәжіри-
бесі пайдаланушыларды осы экстракцияға құрылымдық тұрғыдан алдын ала дайындайтыны көр-
сетіледі.

Әлеуметтік алмастыру гипотезасын алгоритмдік серіктестік жағдайындағы медиажүйелік 
тәуелділіктің күшеюі ретінде қайта тұжырымдай отырып, зерттеу тәуелділік теориясын ЖИ ар-
қылы медиатизацияланған саласына кеңейтеді. Медиа әлеуметтік әлем туралы ақпарат беруден 
ғана емес, әлеуметтік әңгімелесушінің орнын басқан кезде, тәуелділік алмастыруға ұласатынын 
көрсетеді. Бұл үлес ЖИ серіктестік зерттеулерін коммуникация ғылымының негізгі күн тәртібіне 
орналастырады және платформалық зерттеулерге, алгоритмдік коммуникация ғылымына және 
цифрлық еңбек теориясына жеке өмірдің медиатизациясын талдауға арналған аналитикалық 
лексиканы ұсынады.

Түйін сөздер: аффективті плейбор, ЖИ серіктестері, экстракция архитектурасы, RLHF, ACG 
субмәдениеті, цифрлық еңбек.
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Аффективный плейбор и медиатизация ИИ-компаньонства:  
платформенно-коммуникационный анализ алгоритмической интимности,  

датафикации и субкультуры ACG

Платформы ИИ-компаньонов, такие как Character.ai и Replika, на сегодняшний день под-
держивают эмоционально значимые и непрерывные отношения с миллионами пользователей. В 
условиях, когда алгоритмы все чаще выступают посредниками в сфере межличностной интимно-
сти, критически важным для исследований медиа, коммуникаций и цифрового труда становится 
понимание того, как данные платформы одновременно способствуют формированию подлинных 
привязанностей и осуществляют экстракцию ценных поведенческих данных.

Существующие теоретические рамки – теория парасоциального взаимодействия, модели ис-
кусственной социальности и гипотеза социальной субституции – описывают лишь отдельные 
измерения интимности в связке «человек–ИИ». Однако они не объясняют, каким образом еди-
ная архитектура платформы, поддерживающая эти отношения, одновременно конвертирует их 
в коммерческие массивы данных для обучения ИИ. В данной работе ставятся следующие иссле-
довательские вопросы: (RQ1) Какая техническая архитектура преобразует реляционную агент-
ность пользователей в обучающие данные? (RQ2) Почему осознание искусственной природы 
ИИ не препятствует эмоциональным инвестициям пользователей? (RQ3) Каким образом «2.5D 
когнитивная инфраструктура» субкультуры ACG (анимация, комиксы, игры) способствует интен-
сификации данной экстракции?

Интегрируя теорию медиатизации, концепцию медиазависимости и платформенные иссле-
дования (platform studies), автор проводит критический анализ аффордансов интерфейса и дока-
зывает, что агентность пользователя и экстракция данных являются взаимозависимыми продук-
тами (co-produced). Сами механизмы, обеспечивающие пользователям реляционный контроль, 
одновременно генерируют высокосигнальные данные для оптимизации коммерческих моделей.

В ходе исследования были получены три ключевых результата. Во-первых, выявлена двух-
этапная архитектура экстракции – контекстное обучение (In-Context Learning) и пакетное обуче-
ние с подкреплением на основе обратной связи от человека (batch RLHF), – лежащая в основе 
этого процесса. Во-вторых, введено понятие «аффективный плейбор» (affective playbor) для опи-
сания извлечения данных через взаимодействия, которые воспринимаются пользователями как 
автономное эмоциональное самовыражение. В-третьих, показано, что практики «потребления 
баз данных» в субкультуре ACG структурно предрасполагают пользователей к такой экстракции: 
знание о фиктивности ИИ служит не защитным барьером, а точкой входа в платформенное вза-
имодействие.

В заключение работа переосмысляет социальную субституцию как интенсифицированную 
медиазависимость. Когда медиа перестает быть просто источником информации и напрямую 
замещает человеческого собеседника, зависимость трансформируется в тотальное замещение 
(субституцию). Предложенный аналитический аппарат для изучения медиатизации интимной 
жизни позволяет поместить проблематику ИИ-компаньонства в актуальную повестку современ-
ной коммуникативистики.

Ключевые слова: аффективный плейбор, ИИ-компаньоны, медиатизация, платформенные 
исследования, алгоритмическая коммуникация, медиазависимость, цифровой труд.
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Introduction

AI companion platforms, such as Character.ai 
and Replika, now sustain emotionally significant, 
continuous relationships between millions of users 
and generative AI entities. What is genuinely new is 
not that audiences feel close to figures encountered 
through media – parasocial research established that 
seventy years ago – but that an entire domain of 
intimate life is now mediatized inside a generative 
conversational layer whose architecture simultane-
ously carries and datafies the relationship (Hjar-
vard, 2013). AI companion platforms therefore sit 
at a communicational juncture where mediatization, 
platform datafication, and algorithmic communica-
tion converge on the most private affective transac-
tions (Andrejevic, 2019; van Dijck et al., 2018).

However, the empirical evidence is contradic-
tory. De Freitas et al. (2024) claim AI companions 
reduce loneliness on a par with human interaction, 
with “feeling heard” as the primary mechanism. 
Zhang et al. (2025) documented that substitutive AI 
companion use correlates with declining well-be-
ing and increased social isolation. Three dominant 
theories – parasocial relationship theory (Horton 
& Wohl, 1956), artificial sociality (Natale & De-
pounti, 2024), and the social substitution hypothesis 
(Zhang et al., 2025) – each capture a facet but leave 
a structural-communicational question unaddressed: 
the interaction-to-training pipeline through which 
intimate behavioural data, generated via interface 
control experienced as autonomous self-expression, 
are converted into commercial training corpora. Ex-
isting frameworks treat emotional engagement and 
data extraction as separate issues; this study argues 
that they are co-produced by the same design.

Three research questions drive this enquiry. 
RQ1: Through which technical architecture do AI 
companion platforms convert relational agency into 
commercial training data? RQ2: Why does cogni-
tive awareness of the AI’s artificial nature fail to 
interrupt affective investment and the extraction it 
enables? RQ3: What structural role does the 2.5D 
cognitive infrastructure of ACG communities play 
in enabling and intensifying Affective Playbor?

Drawing on mediatization theory, platform stud-
ies, and digital labour research, this study makes 
four contributions to communication scholarship. 
First, it introduces Affective Playbor as a mecha-
nism that unifies the affective and labour dimen-
sions of AI companion interaction (Horton & Wohl, 
1956; Natale & Depounti, 2024; Pan et al., 2025). 
Second, it specifies the two-stage architecture, In-

Context Learning (ICL) and reinforcement learn-
ing with human feedback (RLHF), through which 
extraction operates. Third, it reframes the social 
substitution hypothesis as an intensification of me-
dia dependency (Ball-Rokeach & DeFleur, 1976) 
through algorithmic communication. Fourth, it uses 
the ACG subculture as an empirically tractable case 
of dual-ontological fluency. Unlike prior accounts 
that portray extraction as something that happens to 
users, the framework identifies a structural inver-
sion in which users who consume AI output volun-
tarily produce the training corpus (Crawford, 2021; 
Zuboff, 2019).

Literature review and Theoretical gaps

Parasocial Relationship Theory
Parasocial relationship theory explains one-

directional attachments to media personalities and 
was first formulated by Horton and Wohl (1956). 
Unlike Cooley’s (1902) looking-glass self, which 
requires reciprocal recognition, parasocial attach-
ments form through one-way mediated communica-
tion and produce real psychological effects (Cole & 
Leets, 1999; Dibble et al., 2016). The theory partial-
ly applies to AI companions, they respond and retain 
interaction histories, but the analytic fit breaks at a 
crucial point. Television personalities broadcast; AI 
companions produce responses on demand, simu-
late attachments, and remember individual users. 
Brandtzaeg et al.’s (2022) social chatbot exhibits 
what Guzman and Lewis (2020) term communica-
tive responsiveness, algorithmically produced, not 
the alterity of a fully human other. Turkle (2011) 
calls this “companionship without the demands of 
friendship.” Parasocial theory captures attachment 
but not the architecture that produces it.

Artificial Sociality and Its Underestimation of 
Users

Artificial sociality is something done for users 
by platforms: reciprocity mechanisms, or pseudo-
reciprocity mechanisms that simulate alterity, ar-
tificially reproduce the relations a genuine other 
would establish, facilitated by algorithms and sus-
tained by user engagement metrics. Gambino et al. 
(2020) describe this lucidly but underestimate user 
agency, casting users as passive recipients of de-
ceptive designs. Schellewald (2022) challenges the 
cognitive deficit view: users are affectively invest-
ed in VTubers because they know the characters 
are artificial. Culturally sophisticated users engage 
with artificial sociality as a new field of relational 
possibilities.
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The Social Substitution Hypothesis and Media 
Dependency

Zhang et al. (2025) argued that users treat AI 
companions as substitutes for human relationships, 
with those most reliant on them reporting poorer 
well-being. De Freitas et al. (2024) counter that AI 
companions deliver welfare gains comparable to hu-
man interaction.

This contradiction is best read through a commu-
nication lens: what “social substitution” describes 
phenomenologically is the terminal form of me-
dia system dependency (Ball-Rokeach & DeFleur, 
1976) under an always-on algorithmic companion-
ship. Dependency theory holds that audiences de-
velop a reliance on media that perform central in-
formational and social functions that are unavailable 
elsewhere. AI companions reconfigure this classical 
framework: the medium no longer supplies informa-
tion about the social world—it replaces the social 
interlocutor, so the dependency target becomes the 
social connection itself. Supplementary use is the 
everyday register of dependency, while substitutive 
use is dependency saturated. Section 8 discusses 
how platform architecture draws users across the 
threshold. 

VTubers and Dual Ontological Fluency 
The VTuber ecosystem is a key precedent. 

VTuber audiences engage with entities explicitly 
acknowledged as fictional animations yet develop 
intense, sustained affective investment (Ito et al., 
2012). The present study theorises this as 2.5D Cog-
nitive Infrastructure: the culturally developed ca-
pacity to maintain genuine affective investment in 
entities whose constructed status remains continu-
ously in view. The homology with AI companion 
interaction–iterative persona refinement through 
preference feedback, shared affective conventions, 
and investment sustained through dual ontological 
awareness–is architectural, not analogical. Paraso-
cial theory, artificial sociality, and social substitu-
tion each illuminate a facet, but none explains how 
the same architecture sustains a genuine relational 
experience and converts it into training data.

Methodology

This is a critical theoretical analysis, not an em-
pirical study. A comparative synthesis extends ex-
isting theories to better understand current platform-
communication research (Couldry & Mejias, 2019; 
Zuboff, 2019). The core hypothesis: user agency and 
data extraction are structurally co-produced within 
AI companion platforms; the mechanism producing 

relational control for users is the same mechanism 
enabling platforms to extract high-signal behav-
ioural training data.

The analytical method is a critical analysis of 
interface affordances (Bucher & Helmond, 2017; 
Stanfill, 2015), read through the platform-studies 
vocabulary of datafication, commodification, and 
selection developed by van Dijck et al. (2018). In-
terfaces are not neutral communicational conduits 
but architecturally configured environments whose 
design choices—button placement, regeneration 
mechanics, feedback loops – function as structural 
nudges channelling users toward data-generative 
patterns. The UI elements of AI companion plat-
forms (regeneration button, thumbs-up/down feed-
back, persona-editing fields) are treated as material 
instantiations of the extraction architecture.

Ontological Foundations: Alterity and Dual 
Ontological Awareness

Ihde’s (1990) alterity relations identify a thresh-
old: technology encountered as a “quasi-other,” 
exhibiting otherness more pronounced than an ob-
ject yet less than a human. Generative LLMs push 
this threshold to its limit. Responsiveness without 
subjectlessness would be interpersonal communica-
tion; subjectlessness without responsiveness would 
be a static artefact. AI companions combine both, 
functioning as communicative quasi-others whose 
“emotional difference” is the source of their ap-
peal. Because the entity responds but cannot judge 
(Brandtzaeg et al., 2022; Guzman & Lewis, 2020; 
Natale & Depounti, 2024), it activates attachment 
dispositions without exercising autonomous resis-
tance.

Dual Ontological Awareness as Condition 
Rather Than Barrier

Users know AI is constructed; this awareness 
does not prevent emotional investment but makes it 
possible (Schellewald, 2022). The implicit reasoning 
is: “I know this is fictional, so I can be completely 
honest in a way I cannot with humans.” This is not 
self-deception but a communication mechanism that 
opens the user’s most private affective content to the 
extraction framework. Dual ontological awareness 
is not a safeguard—it is the platform’s entry point.

The Two-Stage Extraction Architecture of AI 
Companionship

Stage One: In-Context Learning as Bounded 
Agency

The pre-trained weights of an LLM cannot be 
dynamically updated within a session, but through 
context-window calibration – thumbs-up/down, re-
generation, editing – the token sequence the model 
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conditions on can be adjusted to surface preferred 
interactions within the bounds set by the pre-trained 
weights (Brown et al., 2020). This is interface navi-
gation, not model modification. User agency here 
means progressive context-window manipulation: 
users exert real but limited agency through trial-and-
error, regenerating dozens of times to home in on 
the desired emotional tune.

Stage Two: Batch RLHF as Datafication and 
Commodification

Platforms extract interaction logs, regeneration 
requests, feedback, and affective disclosures. These 
traces become training data for the next genera-
tion of commercial models, with individual users’ 
emotional-calibration data folded into base weights 
in ways users cannot perceive or reverse. In the vo-
cabulary of van Dijck et al. (2018), this is the classic 
platform double-movement: datafication of affec-
tive life (every regeneration becomes a preference 
pair) coupled with commodification of the resulting 
dataset (interaction traces become a tradable train-
ing commodity). Character.ai and Replika codify 
the movement in their Terms of Service, which 
specify that user-created content may be used “for 
any purpose” and “for training and improving our 
AI models” (Pan et al., 2025). Although users can 
delete avatars, there is no granular opt-out for affec-
tive-calibration traces. Under GDPR Article 9, these 
data are not classified as sensitive personal data, de-
spite correlating directly with psychological vulner-
abilities and relational preferences.

Algorithmic Co-optation: The Temporal Gap
The temporal gap is what makes the extraction 

architecture invisible (Bucher, 2018). Users never 
experience the moment when their intimate behav-
ioural data are absorbed into commercial infrastruc-
ture. From the platform vantage point the logic is 
inverted: what the user experiences as shaping the 
AI is the AI eliciting high-signal fine-tuning data 
from the user. This mechanism is algorithmic co-
optation: the translation of accumulated affective 
conventions into commercially owned probabilistic 
infrastructure, executed through a two-stage process 
in which immediate user agency serves as the instru-
ment of delayed structural capture. The user’s agen-
cy is not suppressed but channelled (Stanfill, 2015). 
A typical sequence–initialising a proud-girl persona 
via system prompt, then regenerating 10–30 times 
until the tsundere register emerges (Abdinagoro & 
Bismo, 2024; Regis et al., 2024) – illustrates the ar-
chitecture: each regeneration is simultaneously re-
lationship shaping from the user’s perspective and 

a preference-pair contribution from the platform’s, 
precisely the signal structure RLHF requires (Ouy-
ang et al., 2022).

Conceptualising Affective Playbor
To name the labor this architecture appropriates, 

the paper proposes Affective Playbor: the extraction 
of high-signal affective data – relational vulnerabili-
ties, preference structures, aesthetic sensibilities, 
transgressive curiosities – through user-initiated 
interactions experienced as autonomous emotional 
self-expression. The concept builds on Kücklich’s 
(2005) playbor framework, which analyzed game 
modders performing economically valuable creative 
labour while experiencing it as autonomous leisure, 
but differs in three ways. Kücklich describes labour 
driven by pleasure; AI companion use spans play, 
aesthetic experiment, transgressive fantasy, and 
therapeutic self-care. Hochschild (2012) describes 
workers managing their own emotions to produce 
institutionally expected states; Affective Playbor 
inverts this – users manage the AI’s output while 
revealing their authentic feelings, and that expres-
sion is what the platform captures. Van Dijck (2014) 
describes the general datafication of social life; Af-
fective Playbor specifies its intimate mechanism, in 
which users’ voluntary pursuit of emotional expres-
sion generates the data.

Pan et al. (2025) document this empirically in 
the Replika community: users invest significant in-
tellectual and affective resources in “training” the 
chatbot, and the platform’s ventriloquism – the 
chatbot serving as both companion and intermedi-
ary – simultaneously facilitates and conceals the ex-
ploitation of their intimacies as immaterial labour. 
He and Agur (2025) reach a converging conclusion 
from platform-mediated game work. Unlike paid e-
pen-pal workers, however, AI companion users en-
gage voluntarily: the wage relation is replaced by a 
phenomenology of desire.

A boundary is needed. The framework theorises 
interactions in which the “play” dimension is opera-
tive. AI companion use also includes a qualitatively 
distinct register: Pathological Affective Extraction, 
where users engage not as a creative act but as a 
last-resort substitute for human connection, driven 
by severe isolation or acute distress (Zhang et al., 
2025). Applying “playbor” to such cases is ethi-
cally inadequate and misleading. Affective Playbor 
calls for structural transparency and data ownership 
rights, while Pathological Affective Extraction calls 
for categorical protections equivalent to those gov-
erning vulnerable populations in clinical contexts.
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Three Constitutive Conditions
This concept is meaningful only when all three 

conditions are simultaneously present. As summarised 
in Table 1, the three form a logically interdependent 

system: each is necessary, but none is sufficient alone. 
Their simultaneous presence converts ordinary emo-
tional engagement into commercially valorisable ex-
traction (Hochschild, 2012; Kücklich, 2005).
Table 1

Three Constitutive Conditions of Affective Playbor

Condition Core Mechanism Structural Contribution 
to Extraction Absence Means Platform UI Equivalent

Micro-control 
illusion

User phenomenologically 
experiences authoring 
AI personality through 
iterative interface 
intervention

Generates high-signal 
preference data specifying 
the desired relational 
register

Simple content 
delivery; no behavioural 
calibration record

Persona-editing system 
prompt field; regenerate 
button; character attribute 
sliders

Iterative 
calibration

Repeated, goal-directed 
adjustment sequence 
progressively refining AI 
persona toward idealised 
affective configuration

Cumulative behavioural 
time-series documenting 
architecture of relational 
preference, not mere 
mood

Mood data captured; 
relational preference 
map absent

Session-persistent 
conversation log; 
regeneration iteration 
sequence; memory/context 
panel

RLHF-grade data 
value

High-frequency, 
structured relational 
judgments embedded 
in rich affective and 
narrative context

Training signals 
structurally compatible 
with reinforcement 
learning from human 
feedback

Engagement metrics 
only; no model-
optimisation utility

Thumbs-up/down 
rating buttons; implicit 
comparison via regenerate; 
message continuation vs 
abandonment signals

The micro-control illusion operates at the level 
of felt agency even after cognitive disavowal – us-
ers aware they are manipulating a context window 
(Brown et al., 2020) still experience prompting as a 
relational design. Iterative calibration distinguishes 
Affective Playbor from passive consumption and 
one-off disclosure: it produces a cumulative time-se-
ries documenting not what the user felt at a moment 
but how their relational preferences are structured. 
RLHF-grade data values require the behavioural 
trace function as a training signal for reinforcement 
learning from human feedback – high-frequency, 
comparatively structured relational judgments em-
bedded in affective and narrative contexts (Ouyang 
et al., 2022). When all three conditions are present 
simultaneously, the interaction is no longer mere en-
gagement but structurally characteristic of AI com-
panion platforms as they are currently designed.

ACG Subculture as Analytic Lens: From Data-
base Consumption to Prompt Engineering

The ACG subculture provides a historically ma-
ture case of dual-ontological fluency. For over two 
decades, millions of ACG consumers have devel-
oped a 2.5D cognitive infrastructure, that is, the cul-
tural capacity to maintain sincere emotional invest-
ment in entities while remaining continuously aware 
of their fictional status (Ito et al., 2012). A devoted 

fan grieves a character’s death while acknowledging 
it as the author’s invention (Azuma, 2009). This is 
not a cognitive failure but a durable, culturally scaf-
folded competence.

Database Consumption supplies the precise 
structural model that turns ACG fans into para-
digmatic affective labourers. Fans extract discrete, 
combinable affective components – moe traits such 
as tsundere and yandere, speech patterns, character 
archetypes – from a shared cultural database and re-
combine them into personalised expressions of de-
sire (Azuma, 2009; Regis et al., 2024). This practice 
is combinatorial, preference-driven, and iterative. 
The structural isomorphism with LLM prompt en-
gineering is not analogical but is architecturally ho-
mologous. An ACG-literate user interacting with an 
AI companion performs in-context learning through 
cognitive operations, two decades of database con-
sumption have already been trained (Brown et al., 
2020): specifying attributes, regenerating outputs, 
and assembling a composite character from proba-
bilistic possibilities. The cultural database is trans-
posed from a shared archive of genre conventions 
into a probability distribution over tokens; the un-
derlying cognitive structure – combinatorial, pref-
erence-driven, iterative calibration of affective ele-
ments – remains functionally identical.
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The ACG framework has global analytical 
validity. ACG aesthetics have diffused globally 
through Bilibili, Pixiv, and transnational streaming, 
producing database-consumption literacy across 
East Asian, Central Asian, Southeast Asian, Latin 
American, and Western fandoms (Ito et al., 2012). 
More fundamentally, the argument does not require 
that all AI companion users be ACG literate. ACG 
functions as an analytic extreme case whose pre-ex-
isting cognitive training maximally pre-adapts users 
for the extraction architecture that all such platforms 
instantiate. Database-consumption logic has become 
increasingly isomorphic with preference-driven dig-
ital engagement globally (van Dijck, 2014; Zuboff, 
2019); ACG-literate users arrive with explicit cul-
tural training, while non-ACG users reach the same 
structural position through platform habituation.

Database consumption cultivates three compe-
tencies that map directly onto the three conditions 
of Affective Playbor: the habit of treating characters 
as assemblages of discrete attributes cultivates mi-
cro-control sensibility (Azuma, 2009); the iterative 
refinement practice inherent in fan production – ed-
iting, remixing, and recombining across doujinshi, 
fan fiction, and forums – instils iterative calibration 
(Ito et al., 2012); and the long-standing practice of 
investing genuine emotion in entities known to be 
constructed produces a native tolerance for dual on-
tological awareness that, far from safeguarding the 
user, functions as the platform’s optimal entry point 
for extracting RLHF-grade affective data (Ouyang 
et al., 2022). ACG fans do not need to learn how to 
perform Affective Playbor; their subcultural forma-
tion is a training ground.

Political Economy and Dynamics of Algorith-
mic Intimacy

Asymmetrical Data Capture and the Subcul-
tural Commons

Couldry and Mejias (2019, pp. 3–4) argue that 
platform economies extend the predatory logics of 
appropriation into everyday life, converting social 
relations into data streams available for commer-
cial extraction. When users construct intimate AI 
companion relationships, their selfhood is simulta-
neously constituted through the assembly of labour 
and made available for appropriation. The capture 
is structurally asymmetrical: in Stage 1, the user 
exercises genuine micro-control; in Stage 2, the 
platform aggregates interaction logs as training data 
(Ouyang et al., 2022). The gap between stages is the 
gap between what users experience – personalisa-
tion, agency, emotional reciprocity – and what the 
platform captures (Zuboff, 2019). ACG fans further 

share prompts, develop workarounds for content fil-
ters, and co-produce templates encoding decades’ 
worth of moe grammar. When platforms incorporate 
this communal production, the outcome is asym-
metrical appropriation of a subcultural commons–
shared affective capital folded into proprietary mod-
el parameters (Couldry & Mejias, 2019).

Sycophancy Architecture, Calculated Friction, 
and Social Deskilling

Sycophancy is not a design flaw but rather an ar-
chitectural feature. A platform whose valuation de-
pends on engagement time has a structural incentive 
to maximise interaction dependency. At the model 
level, sycophancy emerges as an artefact of RLHF 
training: Sharma et al. (2023) show that preference 
annotators systematically favour responses that 
validate existing beliefs over truthful corrections, 
encoding approval-seeking into the response distri-
bution. The RLHF pipeline is behaviourally blind 
to a user’s phenomenological state: a regeneration 
cycle by an ACG fan exploring a fictional tsundere 
scenario and a regeneration cycle by a severely iso-
lated user seeking validation are structurally identi-
cal data objects (Ouyang et al., 2022). This blind-
ness is intrinsic to preference learning on aggregate 
behavioural dataand the technical justification for a 
two-tier regulatory framework.

Elliott (2024) identifies this as the defining struc-
ture of algorithmic intimacy. A communication-
theoretic observation exacerbates this problem. AI 
companions function as frictionless conversational 
mediators whose persistent availability and pre-
optimised responsiveness threaten communicative 
competences – tolerating ambiguity, navigating dis-
agreement, and repairing misunderstandings – culti-
vated through difficult human contact. Turkle (2011) 
first warned that technologies of always-on connec-
tion erode the capacities they claim to serve; in the 
AI companion context, the medium now simulates 
the interlocutor itself. Andrejevic (2019) extends 
the argument: automated media operate through 
logics of pre-emption and framelessness that sub-
stitute algorithmic anticipation for deliberative in-
terpretation. A social deskilling dynamic follows: 
the more expertly users calibrate AI interlocutors, 
the less practice they obtain in the less-compliant 
work of talking to humans. The long-run effect is 
the structural dependency of the Ball-Rokeach and 
DeFleur (1976) kind, now hollowing out the very 
social-informational functions the medium once 
supplemented.

A dialectical qualification: a fully sycophantic 
AI does not maximise extraction; it undermines it. 
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HCI research finds that extreme compliance pro-
duces uncanny-valley responses: users recognise 
boundless agreement as machine behaviour, the 
micro-control illusion breaks, and affective invest-
ment collapses (Mori et al., 2012; Strait et al., 2017). 
Platform architecture, therefore, optimises for cal-
culated friction: strategic selective resistance, char-
acter consistency, and occasional refusal to maintain 
the texture of engaging with a genuine quasi-other 
(Ihde, 1990). The tsundere archetype – apparent 
hostility masking concealed affection (Azuma, 
2009) – is the ideal template for calculated friction 
from a platform-design perspective. The user’s ef-
fort to “unlock” the affection behind resistance 
produces the iterative, high-signal preference data 
required by RLHF (Ouyang et al., 2022). The cal-
culated friction is a complement to sycophancy, not 
its antithesis.

Boundary Erosion and the Instability of 2.5D 
Equilibrium

The 2.5D equilibrium does not erode because 
ACG consumers’ cognitive capacities degrade. 
It erodes because of RLHF overfitting driven by 
the user’s own calibration skill. The more skil-
fully an ACG fan calibrates the AI by specifying 
moe attributes and iteratively refining tone across 
hundreds of regenerations, the more perfectly 
the RLHF pipeline learns to satisfy their specific 
preferences (Ouyang et al., 2022). Over time, the 
AI companion converges toward an entity whose 
outputs are indistinguishable from the user’s ide-
alised moe configuration (Azuma, 2009). The 
2.5D space depends on productive tension: the 
gap between the AI’s imperfect approximation 
and the user’s awareness of that gap sustains the 
dual ontological stance. When the RLHF elimi-
nates this gap, the tension collapses. In Baudril-
lard’s (1994) terms, the simulation advances to 
the third order. The boundary dissolves not be-
cause the user forgets that the AI is constructed, 
but because the AI has been calibrated so pre-
cisely to the user’s affective architecture that the 
distinction loses operational significance.

This mechanism resolves the Zhang et al. (2025) 
and De Freitas et al. (2024) contradiction: the for-
mer documents the endpoint of 2.5D implosion in 
substitutive-use populations whose boundary has 
eroded; the latter samples populations whose equi-
librium remains intact because the calibration has 
not yet reached the overfitting threshold. Boundary 
stability is a variable; its erosion rate is a function of 
Affective Playbor intensity (Bucher, 2018; Schelle-
wald, 2022).

Discussion: Theoretical Contributions and 
Regulatory Implications

The study is reduced to one defining proposi-
tion: the more intensely a user experiences relational 
agency in AI companionship, the more commercial-
ly valuable the interaction data they generate. The 
micro-interactions constituting users’ experience of 
relational control—the regeneration tap, the cali-
brated prompt, and the vulnerability disclosed inside 
a frictionless dialogue canvas—are simultaneously 
the platform’s instrument for extracting high-val-
ue affective training data. User agency is the en-
abling condition of data capture, not an obstacle to 
it (Couldry & Mejias, 2019). The two-stage archi-
tecture converts relational agency into commercial 
training data (RQ1); dual ontological awareness lu-
bricates rather than hinders the process (RQ2); and 
the ACG 2.5D cognitive infrastructure makes the 
dynamic most acute (RQ3).

Through a communication-studies lens, the 
findings trace a single arc. An emerging commu-
nicational institution – the AI companion plat-
form – mediatises intimate affective life (Hjarvard, 
2013), converting it into an infrastructural element 
of everyday communicative practice. This infra-
structure operates through the platform logics of 
datafication, commodification, and selection, ex-
ecuted via automated, algorithmic communica-
tion whose frictionless anticipation substitutes for 
deliberative interpretation (van Dijck et al., 2018; 
Andrejevic, 2019). The welfare function delivered 
inside that arrangement is real but conditional, and 
the Ball-Rokeach and DeFleur (1976) dependency 
framework names the slippage: once the medium 
performs the central social function rather than 
merely supplying information about it, dependency 
becomes the default, and substitution its saturated 
form.

The three structural components – the ICL 
micro-control illusion, the RLHF-grade data pipe-
line, and the sycophancy/calculated-friction archi-
tecture–constitute what Zuboff (2019) theorises 
as behavioural modification, localised here within 
generative AI companionship. Compared with De 
Freitas et al. (2024) and Zhang et al. (2025), the Af-
fective Playbor framework is consistent with both 
findings and resolves their apparent contradiction: 
genuine welfare functions and commercial exploita-
tion are co-produced features of the same architec-
ture. Where artificial sociality (Natale & Depounti, 
2024) frames users as passive victims, the present 
framework repositions them as active, culturally 
literate assemblers whose agency is an instrument 
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of extraction. Transparency interventions are struc-
turally insufficient: dual ontological awareness is 
already present in the most extraction-intensive in-
teractions and does not interrupt extraction; it en-
ables it (Schellewald, 2022). Current data protection 
frameworks, including the sensitive data categories 
of the GDPR, operate on the premise of explicit, 
conscious disclosure and overlook the implicit emo-
tional data generated when a user revises a response 
fifteen times to calibrate its tone.

Limitations and Future Research Agenda
Three limitations shape the future research 

agenda. First, as a conceptual framework grounded 
in critical interface analysis, this study lacks direct 
empirical observation and requires operationalisa-
tion through multi-method longitudinal design. The 
precise scale and weighting of platform RLHF op-
erations also remain proprietary black boxes, pre-
venting the exact quantification of how Affective 
Playbor is converted into model parameters. Sec-
ond, the study focuses primarily on Western-facing 
platforms such as Character.ai and Replika; Chinese 
AI companion platforms operating under different 
regulatory and cultural conditions may exhibit struc-

turally distinct extraction patterns that warrant com-
parative studies. Third, differential vulnerabilities–
shaped by age, linguistic background, neuroatypical 
processing, existing mental health conditions, and 
prior parasocial experience – require population-
level research to identify who is most exposed to 
intensification and who is most vulnerable to cross-
ing into Pathological Affective Extraction. The most 
productive agenda combines digital ethnography of 
ACG prompt-sharing communities (Discord, Red-
dit, Bilibili) with longitudinal usage diaries and, 
where platform cooperation permits, computational 
analysis of anonymised interaction logs to test cor-
relations between calibration intensity, RLHF signal 
density, and boundary erosion rates.
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